
• Style-Alignment in Image generation requires fine-tuning.

Introduction📌

Proposed Solution🎯

🎨

Results & Weighted Multi-Style DINO VIT-B/8 📊

• Zero-Shot Multi-Reference-Weighted Style-Alignment 
in Image generation through Spherical Linear 
Interpolation Blending via Latent Manipulation.

       Challenges
• Requires fine-tuning.
• Limited to single style-reference in Image conditioning. 
• Content and style disentanglement with multiple styles. 

Style-Alignment across a set of generated images

• Style-Alignment in Image generation requires fine-tuning.

Multi-Reference-Weighted SLI Style Blending 🛠

• Latent-Space manipulation technique.
• Linear Interpolation applied to latent vectors leads to 

artifacts and inconsistencies.
• 𝑧!"#$% used as conditioning latent within diffusion process.
• Spherical Linear Interpolation follows the Geodesic in

the hypersphere.

• Cosine-Similarity over 𝑾𝑴𝑺𝑫𝑰𝑵𝑶 𝑽𝑰𝑻,𝑩/𝟖 feature embeddings to assess 
generated image vs. reference image style-alignment.

• 𝑪𝑳𝑰𝑷𝒔𝒄𝒐𝒓𝒆 to evaluate image-text alignment.

• AdaIN – aligns generated image feature stats with 
    reference style image.
• Apply AdaIN over target queries 𝑄5 and keys 𝐾5 using
 reference queries 𝑄6 and keys 𝑄7.

• Shared Attention – propagates style info across multiple 
    generated images.
• Target features updated by both target values 𝑉5 and
 reference values 𝑉6 .
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